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Grey Support Vector Machine Combination Model Applied in
Predicting the Throughput of Airport
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Abstract: The deficiency of current methods for predicting the airport total cargo was analysed and the
grey support vector machine combination model was introduced to predict the airport total cargo. The ratio
sequence of the actual values to the results predicted by the gray model was regarded as an input of the
support vector machine model, and the radial basis function was selected as a kernel function. By use of
cross-validation method the optimal parameter was searched. The support vector machine model was then
applied to predict the real ratio sequence,and finally the result was restored to the value of the airport total
cargo by using again the gray model. The total cargo of Shanghai airport was taken as an example to
illustrate the feasibility of the model,and its results were compared with those predicted by the gray model
and the support vector machine model.
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Fig.1 Compare gray support vector machine prediction

results with the actual value
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