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T —S Model Identification Based on a New
Hybrid GSAPSO Algorithm

TANG Zhu, DING Xue-ming, LIU Can
(School of Optical-Electrical and Computer Engineering , University of Shanghai for Science and
Technology , Shanghai , 200093 , China)

Abstract: A new hybrid algorithm GSAPSO based on the combination of particle swarm
optimization ( PSO) and gravitational search algorithm ( GSA) was proposed for T-S model
identification. The main idea is to integrate the ability of exploration of PSO with the ability of
exploitation of GSA to synthesize the advantage of both algorithms. The PSO algorithm was
introduced into GSA and an improved weight algorithm was presented. The structure identification
and parameter identification of T-S model was realized together by using the new hybird algorithm
GSAPSO and the clustering method. The results show the hybrid algorithm GSAPSO is of better
capability of global optimization and higher precision than the standard PSO and GSA.
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Tab.1 Simulation results by three diffient methods

B2 GSAPSO GSA PSO
FEA 5, MSE 0.080 1 0.120 0 0.1309
W 5, MSE 0.162 5 0.1957 0.196 0
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references results

B AR B MSE
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SCHRL9 ] 2 19 0.469
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