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Road Weight Evaluation Method Based on Grey Neural Network

CAl Qiang, CHEN Ya, Ll Hai-sheng. CAQ Jian
(College of Computer and Information Engineering , Beijing Technology and Business University, Beijing 100048 , China)

Abstract: A road weight evaluation method based on grey neural network was proposed. The
advantages of grey forecasting model, which is simple and needs less original data, and neural
network were synthesized to establish the grey neural network model of traffic flow. The
relationships between traffic flow, velocity and density were used to determine the relational model
of flow and time. On these bases, the impedance function model and the weight of road sections
were achieved. The experiment results show that the model has higher accuracy and only a few
measurement data are needed to confirm the impedance function model of road sections. The model
is an effective, feasible and convenient method for getting the weight of road sections. It can be
applied in the road planning of intelligent transportation system.
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Fig.2 Flow diagram of the BP neural

network algorithm
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Fig.5 Error curve of BP network training process
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Fig.6 Comparison of the simulation results
with three kinds of models
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