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New Hierarchical Spectral Clustering Algorithm

YANG Xiao-hui, WANG Li-li, LI Deng-feng

(College of Mathematics and Information Sciences , Henan University , Kaifeng 47500/ , China)

Abstract: A new clustering algorithm—hierarchical spectral clustering algorithm was proposed. In
the algorithm the hierarchical clustering was embedded in traditional dichotomy SM spectral
clustering,in order to raise the accuracy of spectral clustering and check skewed divisions in the
process of hierarchical clustering. The experimental results show that the hierarchical spectral
clustering is superior to spectral clustering or hierarchical clustering on clustering accuracy and
checking skewed divisions in the process of hierarchical clustering.
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Fig.3 Comparson of the number of images in each
cluster of hierarchical clustering, spectral
clustering and hierarchical spectral clustering
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