LiHE®E I XKEFR
H3TH FHA4W J. University of Shanghai for Science and Technology Vol.37 No.4 2015

XEHS:1007—-6735(2015)04 — 0380 — 05 DOI:10.13255/]. enki. jusst.2015.04.014

ETF Vague £ R [ED/RB KXW KRFE LB EH TN

@A, X £, T §!

(LA R TR FRNBLEE B IR SHOR R R 2253005 2. B TR 2R, B 200093)

WE: AAXTRFACEPANARL LIS GECERREK T E@, S CEF MY R INEZH
BT B ELEFH TR R F A ST I AT — R A, B AL RARAER ST KA E St
TR, MR R S A A R B &, P AR Vague £ b CHE LA LR D RAK
AR BN TR A I TR K 5 A S R AL B A, i3 F] Baum-Welch J 3 xF A2 A A ik 4T
W&k, 5t 254 Viterbi F ikt ATTRM . ARYE L K 5 5 £ O AR R RISTLR AT ZH AT, BIET
ARG B A AR LR AR A B E RGBS TN 6 E A, A Tse K5 A S 2 E 3R
M ARG 12

K§EiE: Vague & B RAXRAER; KFASHEEM
RERES: TP 3 XEFRERL: A

Prediction of College Students’ Psychological Crisis
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Abstract: Existing research on college students’ psychological problems mainly stays at the
mental health education level. The analysis methods and corresponding treatment measures of
psychological problems have been sometimes proposed. However, it is still difficult to accurately
predict the students’ psychological crisis, and is lacking in effective means to discover these
problems. To settle this,a hidden Markov model (HMM) was applied to predict the psychological
crisis of college students. A core factor set which may lead to crisis was constructed based on the
theory of vague set,and the factors that affect the mental health of college students were analyzed.
An initial HMM to predict college students psychological crisis was built by figuring out the initial
value of each element of the model, and trained by using the Baum-Welch algorithm. Combining
with the Viterbi algorithm, the prediction was carried out, and its correctness was verified by
instance analysis according to the original students’ psychological health valuation records in an
university. The results show that the method can improve the prediction accuracy by adopting the

core factor set in the model which would be an effective means to foresee the hidden crisis.
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Tab.2 Practical prediction and standard evaluation

e HMM UPI SCL-90
RN B/ % REAM FONR/ % AR EAER/ %
S1 65 3.31 302 15.37 268 13.64

Sz 498 25.34 457 23.26 448 22.80
Sz 1402 71.35 1 206 61.37 1249 63.56
A1t 1965 100 1 965 100 1 965 100
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Tab.3 Accuracy comparison among various methods %
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