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Self-localization Approach for Soccer Robot Based on
Self-adaptive Searching
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Abstract. In order to solve the problem of robot self-localization in structure environment,a fast
and robust approach for self-localization implemented in robotic soccer was presented. In the
approach, the probability of robot localization problem was converted to a minimum value in the
range of a limited searching space. To achieve high searching efficiency and avoid the local optimum
of particle filter method, a self-adaptive search algorithm was provided. The experiment results
show that the localization method proposed has the advantages of real time and precision and is

superior to other current robot localization methods.
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Fig.1 Omni-directional vision device
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Fig.2 Omni-directional vision picture
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Fig.3 Optical path of hyperbolic mirror
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Fig.5 Schematic diagram of scanning line
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Fig 6 Enlarged picture of scanning line and
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Fig9 Robot’s moving path
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