rE®E I RKFFR
FaE FH2 J. University of Shanghai for Science and Technology Vol.41 No.2 2019

CEHE:1007 - 6735(2019)02 — 0196 — 09 DOI: 10.13255/j.cnki.jusst.2019.02.015

ETL/MITICRNEE 5 KBt & X iE f

% #, FEF
(L s ToR%: B 2R, i 200093)

WE: A EU/BRUILRBITE R GRS FAE R R R TR, A A BP A2 MAIRBGE Y, 3%
EZHRNER AWEASEHTFHEAF LADREHFF EER MR, HBARE kL L
b R E M, xF 2001 57 A £ 2017 4 10 A £0/BRUIC R AR LI, BP AP 24 W % LA T
AE R B AL S, (2 RAAE TN B Ak BUFe TRR R R, R AL EIL, 7L A e
S ERAR TR G AT ERA T A= 2BS-F A, Bk, BPAAZEMLEHER S L f
W )3 5 Sy EARER WA AEA (BP-GARCH A ) %3 4018 57 69 F K X | fam), @it A
¥ BP AV M KM A S IR £ B TUNAE I B A AR 0 HE

X§2iE: BPAAZE M4 ; GARCH &8, A4, X afmnl
hESES: F8326 XEkFRERD: A

Trends and Volatility Analysis and the Interval Forecast of
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Abstract: Analyzing the trend and fluctuation of time series and making the interval forecast of
USD/EUR exchange rate. It is of great value to improve the current accuracy of the forecasting method
based on the trend. A BP neural network was used to extract the trend and the volatility was analyzed by
using a auto-regressive moving average model and a generalized auto-regressive conditional
heteroscedasticity model. Finally, the trend and volatility were combined to give the forecast. By the
study of the USD/EUR exchange rate from July 2001 to October 2017, it is found that the BP neural
network has a good non-linear characterization ability, but only the appropriate prediction accuracy can
lead to a better prediction interval and the regression conditional heteroscedasticity model is superior to
the auto-regressive moving average model for the analysis of volatility. The accuracy of the combined
model can be improved by adjusting the parameters, errors and prediction accuracy of the BP neural

network.
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Fig.3 Mean squared error plots for the number of nodes in different hidden layers
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