rE®E I RKFFR
a5k HE2W J. University of Shanghai for Science and Technology Vol.45 No.2 2023

XE4S:1007 — 6735(2023)02 — 0128 — 09 DOI: 10.13255/j.cnki.jusst.20220425002

ETHRESHAFRTRENEERFHARER

~ 123 1 . 1 1 A ar o 1,23
AR, 3N, ERREE,  HARE,  WrikA
(1. B3 TR fERERL 5 TR 22 BE,  Bifg 200093; 2. BV AR TREECRBEF 0, LI 2000935 3. [RBGHHIZ D)
fefs S R LREFE L=, L 200093)

FE: e TS THOMEBAM ARG RERERE B2 T LT8R, A TNEE50
HEZERAEMNALAEN, AZRNNRBERZ —, A bF M, MR T A TIEAZ5 AR
TREEZE R RERE, GBI E R WEER R AIFRL X, T A TGS
FTHARZHEERFARLAT @G EZFM, RE, FEMABRARLE T @#FT RE

© ok

NNEZ= )

K. LB fEE; FAETHRABRM; TRUMNER; S Hmks,; AEEE 46
FESES: TK242.6 XEkFRERD: A

Advances in human lower limb motion intention mapping based on
electromyography
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Abstract: Robotic lower limb prosthesis and lower limb exoskeletons play an important role in assisting
people with limb disabilities to recover daily activities. Electromyography (EMG)-based direct
volitional control is the key step towards adaptive and autonomously control. To solve this problem, the
research progress on human lower limb motion intention mapping based on surface EMG signals was
addressed including proportional EMG control, musculoskeletal model and artificial intelligence, and
the key challenges faced by them were discussed. At last, existing challenges and future directions were
discussed.
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Fig.1 Direct volitional control structure of proportional EMG
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Tab.1 Characteristics of research on lower limb motion intention mapping of proportional EMG
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Fig.2 Direct volitional control structure of musculoskeletal model
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Tab.2 Characteristics of research on lower limb motion intention mapping of musculoskeletal model
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Tab.3 Characteristics of research on lower limb motion intention mapping of artificial intelligence
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Tab.4 Characteristics of lower limb motion intention mapping by different methods
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