rE®E I RKFFR
Faet By J. University of Shanghai for Science and Technology Vol.46 No.1 2024

XE4S:1007 — 6735(2024)01 — 0087 — 08 DOI: 10.13255/j.cnki.jusst.20221101001

W& B E s EAL o

_ \ A RS
(s 1ok e, i 200093)

HE. ABEAEERE, oM MARFEGmEE R, BE—FLETRNITEFHANEXLIKIFL
SHAELR , Wi LA/ IFANE T LR PRI EZHGFITAEFH, FRFATEHLIALTH
R ER; A RESIET ARARE AR R LT A F AR, MR BRI K R A9FTAE
e R, A BRI AT EAGI ST IS, BRI A B LR R F
BT FEEIREINTESFH PO ERES LR, REEHBUSOERBIET Ao 7 HLH
BRI IR TARZ GRS, BB T FHERKRAN MG R, ZAFR T A REF
W FEE A%, REAEFHGTRI AN, ITEFHGFZHRRET 2R I,

KGR FAE, BEEL, M&EE, i A
FESES: G2063 XEkFRERD: A

Evolution of online public opinion based on chain of sub-events

LI Rende, FENG Qian, LI Yu, CAO Chunping
(Library, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract: The evolution analysis of the public opinion in emergency is the foundation for the risk
prevention and control. An analysis framework for the evolution of the public opinion was
proposes based on the event chain. Firstly, text mining technology was used to extract the main sub-
events from the massive text stream, thereby reducing the public opinion content to the order of
magnitude that can be manual interpretation and discrimination. Secondly, the word mover's distance
was used to calculate the similarity of sub-events on two adjacent time slices, so that the event chain
diagram could be constructed. The evolution analysis was carried out with the case of *“ Tesla
spontaneous combustion in Shanghai” . The relationship of topic shifting was built between sub-events
at different stages of the evolution. Finally, it was verified by the robustness analysis that the method
can reduce the problem of redundant information in short texts of microblogs and improve the accuracy
of sub-event correlation. The research results provide decision support for the post-event review, the

prediction and intervention of similar public opinion events, and the scientific evaluation of sub-events.

Keywords: chain of sub-events; public opinion evolution; online public opinion; Tesla spontaneously
combustion
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Fig.1 Flow chart of public opinion evolution analysis
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Fig.2 Chain diagram of sub-events for Tesla spontaneous combustion (content evolution diagram)
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opinion content about sub-events based on user

experience
TR AR Timeline Story Telling AT
WA 3.33 3.11 3.89
Zy Bk 3.22 2.89 422

— 3 AR AR B AT SR AL R R A T, 1R
BRGSO AR AL XS LR, Ik 3
IR

®3 BEBETESHXBRAOSBEXLL

Tab.3 Robustness comparison of sub-event correlations
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